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/ User History\

/

Accurate
Recommendation =4

=8 Game of Thrones: Seasorh

2012, HBO, 10 episodes

- Accurate; Closely related to history items.

Game of Thrones: Season 1
M 90% ’
2011, HBO, 10 episodes

] @ &

K-BUt already well-known to user (same series)/

HEShETHERD

/ Novel ’; Chernobyl: Miniseries
Recommendation *j B 96%

N’

2049, HBO, 5 episodes

- Related to history items; High rating.

- Less Popular; Unlikely to be known by user.
- Help items discovery.
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L. Nguyen, T. Ishigaki, D2D-TM:A Cycle VAE-GAN for Multi-Domain Collaborative Filtering, Proc. IEEE BigData, 1175-1180, 2019 10
L. Nguyen, T. Ishigaki, Collaborative Multi-key Learning with an Anonymization Dataset for a Recommender System, Proc. IEEE IJCNN, 9 pages, 2019
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Re-ranking Method

= 4
. for Novelty A E = 14‘%.
(,_/ [ e loss (Ph.D. student)
‘{';i:] DD Base Model f
- - {Accuracy-Focused) measanng SO .
— 8 ,g' | PPNW o PPNW-G
Alternative e e e e _PP,NN,-B"N ,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,, !
. g T T—
Personalized
Novelty  au ol & b0 Byl DEom . A b 4 I
Re-ranking W il T OIS ). A -
= A A
Nove propenes p—-— S : o lop
Outputs :LE o @’ 1 f!J .~ Novelty eu 9|
T ; SNSRI N A Base Model
Limitatons of most Loss Functions “Novelty (Accuracy-Focused)
®* Most loss functions are incapable of distinguishing 2 types of Mat‘iﬁ'"g | T
negative item, “unknown negative items”’ and “disliked negative iﬁnu-i-;ﬁ ;.;
17 17 ST 1
Note that in recommender system, we want to suggest those “interesting g’;‘: @ @& &
but unknown items”. Plom ™ user "ei?:ﬁlvj
el _| . L ] = a
=1 o [] =1
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K. Lo, T. Ishigaki, Matching Novelty while Training: Novel Recommendation based on Personalized Pairwise Loss Weighting, 11

Proc. IEEE ICDM, 468-477, 2019
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